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non-empty elements in the discernibility matrix. Unfortunately, the discernibility information tree is based on the

discernibility matrix under the equivalence relation, and does not consider the situation of the ordered decision

information system. In this paper, a discernibility information tree is proposed based on distinguishable matrix in

interval-valued ordered information systems, which solves the problem of redundant elements in the distinguishable

matrix and realizes the compression storage of non-empty elements in the distinguishable matrix. Furthermore, the

related theorem of the tree is obtained and verified carefully. And, a complete attribute reduction method is given

based on the discernibility information tree of the interval-valued ordered information system. Finally, an empirical

analysis is addressed, which verifies the feasibility and effectiveness of the method.

Key words: interval value information system; discernibility information tree; compressed storage; attribute reduction
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